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Combining Static and Flow
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flow-dependent covariances, has been derived.

= Recovery and application of optimal weights of flow dependent and climatological
variances has been demonstrated in both the Lorenz ‘96 and NAVDAS-AR hybrid

systems
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This distribution of ETKF ensemble variances given a

PDF of innovation variances computed over N=25,000 _ _ _
particular error variance. Shown for the 50th percentile of

trials for 100 time steps, using 100% observation
coverage. The dashed line shows an inverse gamma
function whose shape and scale parameters were
derived from the sample data used to create the PDF.

error variances computed over N=25,000 trials for 100 time
steps, with 100% observation coverage. The dashed line
shows the Gamma function whose shape and scale
parameters were computed based on the sample mean and
variance.



